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40% evaporation and
water from plants

10% runoff
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75% or More Impervious Surface ground

(A M : https://[durhamnc.gov/864/ImperviousSurface
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Natural Ground Cover
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15% deep
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35%-50% Impervious Surface
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infiltration )
21% deep
* infiltration

10%-20% Impervious Surface

30% evapotranspiration

:

10% shallow -
infiltration

75%-100% Impervious Surface

5% deep
infiltration

A M : Effects of Imperviousness on Runoff and Infiltration Source: (EPA, 2000)
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GPSE 0|8¢h ST =AL X| = B SIS AFEIQ| C|X|Z=t

 BYE CF5EE 2I'dXtE (Landsat TM/ETM+, SPOT, ASTER S)2| &8
97\5\\)35 7/ (Haadk, 1983; Toll, 1984; Lo, 1987, Ehlers et al, 1990; Yang et al, 2003; Lu and Weng, 2006)

(=) "_.o_o\.)b\- ::'
\, XDSIAE A HAHIKONOS, QuickBird, OrbView S)°| &2
- (Gablk and Minor; 2003; Wu, 2009; Hu and Weng, 2011)

1! I'\ 2i|0|E{(Radio Detection And Ranging, Radan2} 20| Cl(Light Detection
™ And Ranging, LIDAR) X} 29| &
(Lu et al, 2011; Germaine et al, 2011; Sun et al, 2019; Wu et al, 2020)



€ Image classification
«  Maximum likelihood classifier
«  Spectral clustering

€ Multiple regression

. o Landuse and landcover classification
# Sub-pixel classification

«  Spectral mixture analysis (SMA)

1
«  Supervised/Unsupervised classifiers i

e et Transportrelated Impervious Surfaces:
€ Machine learning algorithms Road extraction

«  Artificial neural networks (ANN)

« Random forest (RF)

«  Support vector machine (SVR)
® Deep learning algorithms

¢  Convolutional neural networks (CNN)

| Roofrelated Impervious Surfaces:
! Building extraction, Roof mapping

« Autoencoder-based approaches
 Generative adversarial networks (GAN)
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